
Fo DA
.

Cross

L 13
.

Validation



Data ( X. g)X.cl/2md*''ge1pnji-Mafxi
) → ya

.

polynomial!de , residual 5 - Yi

N'!ca -

- II. a ;xR *  . ..ms?d--.?icri5
• •

-o
•

→ mivarrance

q ne - data Moo sin

.

over fitting
*



God : Make good predictions
on new unseen data

.

modeling as residual ri-flllacxi.ge/
A

generalization
"

#

. Collect new data

↳ try an this ne -

day ,

•

"
Save "

some data for testing



¥ evalestssefx.a.st.AM
.randgmhldd

I CME
. "

-gil
out &;g.DE#esbihteat)

How well

wiHworbo#new date ? ¥←s+y SSE estates )
,

Arcia in)
RINSE



How large should the

test set be ?

Coming test size

• 10%

•33%
-

Evaluate expected value of error

bg averaging nfesf obseratouns
.

↳ C LT more data
less fest

percentage
→ unbiased -

more Complex
→ variance Vair model

h test more
test

size



what is cross - validation used
-

fo
* See how model generalizes to

of
na u

data
.

-

• to select a pora-merterinm.dk
C ex . p in MIP) )

pt-arq.ci?ifySSEfH.est.atest),Ma!!
choose train or

best not
model



: .

←
er

Temeraire
,

OK ? choose param

evolute generalization



If
your

data is small
.

don't want to waste data on test
.

Leave - one - out CV
. .

| ] test set size I

1)
but try all



Double Descent if you-

n add
dats regularized"

-1

ifg I

training

tphdata I overfishingIts
model complexity

( P ) Interpol:s%d


